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1. Intro
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2. Related work
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2. Related work

« Approximate k-nearest neighbor search (ANN)
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2. Related work

e Time-Restricted kNN (TkNN) Search
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3. Method

« challenge

(1) How can we make the query process remain efficient regardless of the length of the query time window?

(2) How can we efficiently add new vectors that occur over time to MBI?

(3) How should we select a set of blocks to process the query most efficiently?



3. Method

 Binary Search and Brute-Force (BSBF)
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3. Method

« 7|& kNN Search




3. Method

« Search and Filtering (SF)
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3. Method

« Multi-level Block Indexing (MBI)
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3. Method

« Multi-level Block Indexing (MBI)
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3. Method

« Multi-level Block Indexing (MBI)
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4. Experiment

« Experimental Setting

Dataset # items Dim Source
Movielens 57,771 32 GroupLens®
GK2A 291,380 128 KMA’
GloVe-25 | 1,193,514 25 Jeffrey et al.’[? ]

SH[A =, GK2A, GloVe-25 M| 7}X| real-world H|O|E{ Al A



4. Experiment

o Search Performance
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4. Experiment

o Search Performance
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4. Experiment

* Indexing time of MBI
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4. Experiment

e Insertion time of MBI
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