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2. GNN
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2. GNN

Node Level Task YH|0|E 1™

1. Aggregate / Message Passing
2. Combine / Update

3. Readout
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3. Attention

Dictionary
(¥X[5H=%], 0,1)
Key (K) Slmllarlty Sim(K, Q) Value (V) Sim(K, Q) *V
of| = =Py 0
Q: X QAT 1 SIZotor SIZotok
OfHItE 0 | o ALk 0



3. Attention

Dictionary -> Attention
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4. Graph Attention Network
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4. Graph Attention Network
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4. Graph Attention Network
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4. Graph Attention Network
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4. Graph Attention Network
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4. Graph Attention Network
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4. Graph Attention Network
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4. Graph Attention Network
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4. Graph Attention Network
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4. Graph Attention Network
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4. Evaluation

Method Cora Citeseer Pubmed
MLP 55.1% 46.5% 71.4%
ManiReg (Belkin et al., 2006) 59.5% 60.1% 70.7%
SemiEmb (Weston et al., 2012) 59.0% 59.6% 71.7%
LP (Zhu et al., 2003) 68.0% 45.3% 63.0%
DeepWalk (Perozzi et al., 2014) 67.2% 43.2% 65.3%
ICA (Lu & Getoor, 2003) 75.1% 69.1% 73.9%
Planetoid (Yang et al., 2016) 75.7% 64.7% 77.2%
Chebyshev (Defferrard et al., 2016) 81.2% 69.8% 74.4%
GCN (Kipf & Welling, 2017) 81.5% 70.3% 79.0%
MoNet (Monti et al., 2016) 81.74+05% — 78.8 + 0.3%

GCN-64"
GAT (ours)

814 £05% 709 +05% 79.0 + 0.3%
83.0+0.7% 725+0.7% 79.0 £ 0.3%

Node Classification Task (Transductive)
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